Scaling a spiking classification layer with NCGs: an
architecture using intra-class WTA & competition regulation

Competition regulation is crucial for
ensuring balanced competition within NCGs

Intra-class winner-takes-all
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NCGs significantly improve the accuracy of spiking
classification layers trained with SOTA supervised STDP rules

NCG of class 1 Neurons specializing

toward non-target
samples

Competition regulation enables the
learning of various class-specific patterns
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* Hebbian-based unsupervised feature extractors
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